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Wide Learning Technology to Provide Trust Through Knowledge Discovery
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Abstract

With the recent emergence of the AI black box issue, the fairness, accountability, and
transparency (FAT) of Al have been vigorously debated. Companies and academic institutions
have developed various types of explainable AI. Fujitsu Laboratories has developed a new
technology, Wide Learning, which is not only capable of dealing with the black box issue but
which is also provided with explainability that realizes knowledge discovery. Wide Learning
uses “enumeration,” which is a major technology of discovery science, to exhaustively enumerate
pieces of knowledge called knowledge chunks described in a human-understandable format.
By using this knowledge for judgment, the overlooking of potential candidates is significantly
reduced and high-accuracy prediction and classification are achieved. If knowledge without
omission can be discovered continuously, the trust of service systems can be strengthened and
knowledge diversion in turn is expected to provide trust between service systems. This paper
first outlines the history of how Wide Learning came into being and describes its technical
characteristics, then reports on a demonstration of knowledge discovery using Wide Learning
in Fujitsu and presents future prospects.
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