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Solutions to Social Problems Leveraging Image Analysis Technology
Based on Machine Learning
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Abstract

An increasing amount of attention is being placed on the application of machine learning
such as deep learning to image analysis. Aiming to provide a solution to social issues in
urban areas, we focused on traffic and security and developed systems for parking analysis
(detecting the availability of parking spaces) and citywide surveillance (human/vehicle
recognition). The former is called FUJITSU Technical Computing Solution GREENAGES
Parking Analysis (hereinafter “Parking Analysis”), and the latter is called FUJITSU
Technical Computing Solution GREENAGES Citywide Surveillance (hereinafter “Citywide
Surveillance”). Parking Analysis detects vacant parking spaces, providing users with real-
time information on available parking spaces in their destination areas. The data also
enable owners of parking lots to enhance operational efficiency based on data analysis.
Citywide Surveillance automatically detects unusual events by monitoring images in
real time. In addition, the image archive can be searched to accurately extract images
related to given keywords. This functionality serves as an added value for reducing the
workload required for surveillance and investigation. This paper explains the technology
applied in these solutions, and describes their vertically integrated configuration including
infrastructure and services, as well as the contexts in which they are leveraged.
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